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Most ovarian cancer (OC) patients are diagnosed at late stage when survival

#2547

American Association

far Cancer Research’

Meeting
April 17-22, 2026

SAN DIEGO

Translating to Targeted:
Bridging discovery lipidomics to multi-omic clinical diagnhostic
application In ovarian cancer detection

AACR

Nichols CM, 'Culp-Hill R, 'Han E, 'Giles B, 'Zapata M, 'Goldberg M, 'Law RA, 'Radnaa E, 'Kilkenny S, 'Wong M, 'Hansen C, 'Fa VS, 'Bystrom C, 2Zhao L, °Ekroos K, '"McElhinny A
TAOA Dx, Denver, CO | 2CompleteOmics | 3Lipidomics Consulting Ltd.

Discovery Lipidomics + Modeling Performance + Normalization
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limited discrimination in early-stage disease.

Lipids represent a complementary biological signal, and reprogrammed lipid
metabolism is a known cancer hallmark81©that affects:

S Membrane remodeling

al Cell proliferation

X' Tumor signaling pathways
® Immune modulation

Combining lipids with proteins has been shown to improve OC detection
within a clinically complex symptomatic population.!

Discovery Cohort Study Design + Workflow

Cohorts contain controls intended to represent
the symptomatic population in addition to
patients diagnosed with OC across all stages and
a range of subtypes. Samples were obtained from
Manchester University, University of Colorado, and
commercial vendors. Samples were analyzed by
protein ELISA and discovery lipidomic data was
acquired using LC-HRMS/MS. Data was processed
using Compound Discoverer (Thermo).

( Sample Collection )
e

Cohorts include serum samples
from various conditions, including
normal, benign, and different stages
and subtypes of ovarian cancer
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challenges for clinical implementation.
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Targeted Clinical Assay the targeted LC-QqQ method.

Targeted quantification of defined panel

Discovery Lipidomics

Untargeted — thousands of features
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Goal: Convert discovery lipid biomarkers into a robust targeted MRM assay
capable of clinical deployment while preserving diagnhostic signal.
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Targeted Assay Development

Univariate differential Analysis testing the
118 features of the first MRM method.

Cohort 1 | Cohort 2

Candidate lipid biomarkers identified in discovery were transferred into a targeted assay,
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Normalized CV (TMix)

Functional Controls were characterized to ensure fold

change directionality across instrumental platformes.
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A panel of class-matched surrogate internal standards
was used for feature normalization. Comparing raw vs.

normalized precision of MRM features in technical
replicates, an in-house standard selection algorithm
improves normalization.

Conclusions

Multi-omic modeling improves discrimination in symptomatic women.

Discovery lipidomics biomarkers can be successfully translated into a
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